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1 Introduction
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The Microbiota and Neurodevelopmental Disorders.
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https://www.frontiersin.org/journals/neuroscience/articles/10.3389/f
nins.2017.00490/full
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1 Introduction

Based on prospective data, can we develop
predictive models of infant future NDDs with
present gut microbial biomarkers, which can
foresee their future NDDs outcomes?
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2 dataset
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16S RNA

Group n mean age lower upper
Control 1610 - - -
ASD 39 15.41 14.06 1675
ADHD 85 15.33 14.47 16.20
Speech 14 6.50 3.68 9.32
Disorder
Intellectual 8 11.69 9.67
Disability

microbiome signatures
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3 Method and model
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4 Result and discussion

ROC Curves for Different Models
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4 Result and discussion

Top 10 Feature Importances
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5 Conclusion: limitation

* Limitations of this study include few samples of future NDDs

 60% accuracy, 65% recall

« Many other factors in the prospective data
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